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B Abstract

We present reaction-diffusion algorithms for image
processing and computer vision applications. All of the
algorithms utilize the FitzHugh-Nagumo (FHN) type
reaction-diffusion models. In the edge detection
algorithm, we couple the FHN model with a simple
diffusion equation, which computes a local threshold level.
In the segmentation and stereo vision algorithms, we
couple multi-sets of FAN models with each others; each
model governs a segment or stereo disparity.
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B One-dimensional Numerical Experiments on
Discretized Version of the FitzHugh-Nagumo Model
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B Edge Detection

Nomura, A., Ichikawa, R. H. Sianipar, M., Miike, H.: Proc. 7th OGRWorkshop (2007) No.042
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Initial conditions
Cu(x,y,t=0)=ayl(x,y)
o(x,y,t=0)=0

\ a(x,y,t=0)=ayl(x,y)

B Segmentation & Stereo Vision

Nomura, A., Ichikawa, M., Miike, H.: IPSJ] Trans. Comp. Vis. & Image Media 45 (2004) pp.26-39
Nomura, A., Ichikawa, M., Miike, H.: Machine Vision and Applications (in press)
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